agricultural pesticide use. With more than 176,000 breast cancer cases and nearly 71 million person-years of observation among an ethnically diverse population in a large agricultural state, this study offers sufficient detail and power to provide a broad initial overview of breast cancer incidence patterns and potential environmental exposures to agricultural pesticide use.
Materials and Methods

Cancer Incidence Data
We identified all invasive breast cancer cases diagnosed in women ≥ 20 years of age from the California Cancer Registry (CCR), for 1988 through 1997 (n = 181,080) (CCR 2005) . Modeled after the National Cancer Institute's Surveillance, Epidemiology and End Results (SEER) program, the CCR maintains the highest standards for data quality and completeness; their data are estimated to be 99% complete and include case sharing from neighboring states (Kwong et al. 2001) . Case characteristics, including race, age, sex, and residence at time of diagnosis, are collected by the CCR from patients' medical records. Use of human subjects' data in this study was reviewed and approved by the California Health and Human Services Agency, Committee for the Protection of Human Subjects.
Geocoding
We assigned census block group designations to cases based on the geocoded location of residence at the time of diagnosis. We completed this task using a geographic information system (GIS) to automatically match addresses with a road network and determine the corresponding census block group. When possible, we manually located all addresses that could not be automatically matched using the GIS. Because most addresses not automatically geocoded were post office boxes, we augmented our manual review with a mailed survey to U.S. postmasters, requesting street addresses for CCR records that contained only a post office box address (Hurley et al. 2003) . Overall, we successfully geocoded 97.4% of cases (176,302 of 181,080) to a 1990 census block group [Geographic Data Technology (GDT) 2000; U.S. Census Bureau 1995] .
Pesticide Data
California's Department of Pesticide Regulation maintains a pesticide use reporting (PUR) database that includes detailed information on all agricultural pesticide applications in the state, including the active ingredient, application method, quantity applied, acres treated, crop treated, and location (in square mile sections). Pesticides included in the PUR database include all insecticides, herbicides, fungicides, and fumigants applied for agricultural purposes. Full use reporting began in 1990; therefore, we used PUR data reported from 1990 through 1997 to calculate the annual average pesticide use in each square mile section of California (California Department of Pesticide Regulation 1998). For our analysis, we combined pesticides into six toxicologic groups and also selected five individual pesticides for examination based on their carcinogenic and exposure potential.
Toxicologic groups of pesticides. More than 850 different pesticides were reported to the PUR system during our study period, making analysis of each individual pesticide impractical. Therefore, we combined pesticides into six toxicologic groups for our analysis: probable or likely carcinogens, possible or suggestive carcinogens, mammary carcinogens, xenoestrogens, cholinesterase inhibitors, and organochlorines. Some pesticides belong to more than one group. Table 1 lists the individual pesticides that comprise each of these groups. Our purpose for categorizing the pesticides was to study exposures to chemicals with similar toxicity end points relevant to breast cancer because, in reality, exposures occur to mixtures of chemicals and total risk may be underestimated by studying individual exposures.
California banned or severely restricted all pesticides classified as known human carcinogens before the time of this study. The carcinogenic evidence for the pesticides we assessed is based almost exclusively on laboratory animal studies (Crisp et al. 1997) . Given these data, we combined 16 pesticides classified as probable or likely human carcinogens (U.S. EPA 2002). Similarly, we combined 35 pesticides classified as possible or suggestive human carcinogens (U.S. EPA 2002). We identified four pesticides as potential human mammary carcinogens, based on excess mammary tumors in laboratory animal studies (EXTOXNET 1998; U.S. EPA 2002) . For the purpose of this study, we defined xenoestrogens as any pesticides that directly or indirectly increase estrogenic effects and may ultimately lead to mammary cell proliferation. We identified 34 pesticides used in California as potential xenoestrogens (Crisp et al. 1997; EXTOXNET 1998; Illinois EPA 1997) . We chose cholinesterase inhibitors as a category because they represent two specific pesticide groups-organophosphates and carbamates-both of which have the potential to increase estrogenic activity by acting on the hypothalamic-pituitary axis (Cabello et al. 2001; EXTOXNET 1998) . We chose organochlorines as a category because of their persistence in the body and the environment and because of extensive evidence for estrogenicity (Snedeker 2001) . We identified only three organochlorine pesticides as being used in California between 1990 and 1997. These pesticide groupings are the same as those used in an earlier study of breast cancer incidence in a large statewide cohort study (Reynolds et al. 2004b) .
Selection of individual pesticides. We selected five pesticides for individual analysis: simazine, diuron, oryzalin, propargite, and methyl bromide. The first three have established toxicologic data from laboratory animal studies implicating their role in mammary tumorigenesis and are also considered xenoestrogens (Crisp et al. 1997; EXTOXNET 1998; Illinois EPA 1997; National Toxicology Program 2001; U.S. EPA 2002) . We selected the final two pesticides, propargite and methyl bromide, because they were the two top-ranking chemicals identified by our cancer hazard ranking system for pesticides, indicating they were the most widely used with the greatest exposure potential and likelihood of being carcinogenic in California during our study period.
Detailed methods for our cancer hazard ranking system for pesticides are presented elsewhere (Gunier et al. 2001) . Briefly, we assigned each pesticide a hazard score based on two carcinogenicity measures (cancer class and potency) and two exposure potential measures (field volatilization flux and half-life). We then multiplied each pesticide's hazard score with the average annual pounds of that pesticide applied statewide from 1990 through 1997 to derive the cancer hazard-adjusted use. We identified 59 pesticides with ≥ 100,000 lb/year used in California, for which all the necessary toxicity and environmental data were available. Methyl bromide and propargite ranked highest among these 59 pesticides for hazardadjusted use during the time period of interest (1990) (1991) (1992) (1993) (1994) (1995) (1996) (1997) .
Pesticide exposure assessment. We used PUR data reported from 1990 through 1997 to calculate the annual average pesticide use in each square mile section of California (California Department of Pesticide Regulation 1998). Using a GIS (ArcView, version 3.0; Environmental Systems Research Institute Inc., Redlands, CA), we identified all square-mile sections located within each census block group. If a section fell into more than one block group, we allocated the pesticide use based on the percent area of the section in each block group. In 1990, California block groups had a median land area of 0.2 mi 2 , with a range between 0.0001 and 3,610 mi 2 (U.S. Census Bureau 1995) . We estimated the average annual agricultural pesticide use during the study period, for each block group, by summing the average pounds applied in all relevant sections and then dividing by the block group area to obtain pesticide use density in pounds per square mile.
Population data. We based our rate calculations on population estimates derived from census data compiled at the U.S. Census block group level. Inconsistencies in data collection between the 1990 and 2000 censuses required specialized development of denominator estimates. For this purpose, we obtained two customized data sets through special permission from the Census Activities and Tabulation Staff, Population Division, of the U.S. Census Bureau (U.S. Census Bureau, unpublished data). The two data sets, which contained mutually exclusive categories for race and Hispanic origin, consisted of block group counts of all women in California, ≥ 20 years of age, by race and Hispanic origin at 5-year age increments, one from the 1990 Census and the other from the 2000 Census. After adjusting for differences in geographic boundaries and race designations between the two censuses, we used linear interpolation to estimate annual age-and race-specific population counts for all block groups in the state. The denominator used in the analysis is the summed annual age-and race-specific block group population counts for 1988 through 1997. A description of this process is presented in more detail elsewhere (Reynolds et al. 2005) . Covariate information. Race/ethnicity. We derived race/ethnicity information for the California population from the 1990 and 2000 Census data as described above. We obtained the race/ethnicity of cases from the CCR data. The categories used for analysis were nonHispanic white, black, Hispanic, Asian/Pacific Islander, and other. The "other" category included American Indian, other, and nonspecified groups.
Socioeconomic status and urbanization. We characterized the socioeconomic status (SES) and degree of urbanization of every census block group in California using additional 1990 census data (U.S. Census Bureau 1992). We created a summary SES metric incorporating occupation, education, and income. To do this, we first ranked all California block groups separately by education level (percentage of adults ≥ 25 years of age completing a college degree or higher), income (median family income), and occupation (percentage of adults employed in managerial/professional occupations) according to quartiles, based on the statewide adult population. This resulted in a score of 1-4 for each of these SES attributes. We then created a summary SES metric by summing the scores across each of the four SES attributes and categorizing them into four groups (high to low), based on the quartiles of this score. Because this SES metric was based on all adults (not just women) and because of differential population growth across California block groups since 1990, the person-years in our study do not distribute evenly across SES quartiles.
To define the degree of urbanization, we used a combination of census-based information. The U.S. Census Bureau defines an urbanized area as a centralized area, with a population of ≥ 50,000 people and a population density of at least 1,000 people per square mile (U.S. Census Bureau 2002a). Because, by this definition, 85% of California residents live in an urban area, we used additional information to refine the urbanization measure. Our categorization, which we based primarily on population and ultimately refined with population density, included four values: "metropolitan urban" represented block groups with the highest quartile of population density within U.S. Census-defined urbanized areas (i.e., population > 1,000,000); "metropolitan suburban" included the rest of the population within census-defined urbanized areas; "city" included census-defined places with > 50,000 people, outside of an urbanized area; and "small town/rural" included censusdefined places with < 50,000 people outside of an urbanized area.
Age group. We obtained age at diagnosis from the CCR and categorized women into 5-year age groups for covariate adjustment in regression models. There is substantial evidence that risk factors for breast cancer are somewhat different for pre-versus postmenopausal diagnoses (de Waard 1998). Unfortunately, information on menopausal status was not available for either the cases or the statewide population. To evaluate whether risks associated with pesticide use density differed for pre-and postmenopausal breast cancer incidence, we used age at diagnosis as a proxy for menopausal status and created three groups: 20-44 years of age to approximate a premenopausal group, 45-54 years of age to represent an approximate perimenopausal group, and ≥ 55 years of age as a proxy for postmenopausal women (National Cancer Institute 2003). We did not include these broad age categories in the regression models as covariates but rather used them only to stratify the data.
Analysis
Because our toxicologic groupings and individual pesticides were highly correlated, and not necessarily mutually exclusive, we looked at the six pesticide groupings and five individual pesticides in separate statistical models. For each group or individual pesticide, we considered block groups with pesticide use density of < 1 lb/mi 2 to have negligible exposure potential; these served as our reference category or "unexposed" group. We based our other three pesticide use categories on the distributions of pesticide use densities among subjects with ≥ 1 lb/mi 2 of use density: 1st-49th percentiles, 50th-74th percentiles, and ≥ 75th percentile.
We computed rate ratios and 95% confidence intervals (CIs) using Poisson regression models run with the GENMOD procedure in SAS (version 8.0e; SAS Institute Inc., Cary, NC). We calculated rate ratios for each level of pesticide use density for the six pesticide groupings and five individual pesticides, initially adjusting for age and race. Subsequent models also adjusted for neighborhood SES and urbanization. Our previous work with these data, and that of others, indicated that the breast cancer risk associated with SES varies by race/ethnicity (Reynolds et al. 2005; Yost et al. 2001) . Therefore, our final regression models also contained a multiplicative interaction term for race/ethnicity and SES. We then repeated these analyses, stratifying by age group and degree of urbanization (urban, suburban, city, small town/rural) to evaluate potentially different risk relationships among these subgroups. We performed all analyses with SAS.
Initial evaluations of the deviance and Pearson chi-square generalized statistics from our Poisson models suggested overdispersion in our data (SAS Institute Inc. 1999). Such overdispersion can result from sparse data, variations in an assumed constant rate of event occurrence, and/or unexplained heterogeneity and can lead to biased estimates of the standard errors in Poisson regression (Barron 1992) . Employing a rescaling approach to address issues of overdispersion in our data, we multiplied the covariance matrix by a dispersion parameter, which was estimated based on the Pearson chi-square statistic (McCullagh and Nelder 1989; SAS Institute Inc. 1999 ). This adjustment does not change the risk estimates, but inflates the standard errors to adjust for overdispersion. We also evaluated an alternative approach for modeling the data using negative binomial regression, a generalization of the Poisson model that incorporates heterogeneity (Barron 1992) . Because the results from the two methods were essentially the same, we have reported the results from the Poisson models run with the rescaled standard errors. This seems to be the more familiar statistical approach and is the one recently employed in a Marin, California, breast cancer study (Benz et al. 2003) .
Results
This analysis included 176,302 invasive breast cancer cases among the California adult female population, with 70,968,598 person-years of observation. Table 2 shows the distribution of selected characteristics for the breast cancer cases and the California adult female population for the study period (1988) (1989) (1990) (1991) (1992) (1993) (1994) (1995) (1996) (1997) . As expected, cases were more likely than the adult female statewide population to be older and non-Hispanic white. Cases were also slightly more likely than the general population to live in suburban and higher SES neighborhoods. Previously published age-adjusted rate ratios for these demographic factors among this study population were consistent with other published data on these factors (Reynolds et al. 2005) . Table 3 shows the distribution of annual agricultural pesticide use density among the California census block groups included in these analyses. The number of block groups in the study with annual pesticide use density of ≥ 1 lb/mi 2 for a given pesticide group ranged from 1,633 (8% of block groups) for organochlorines to 7,871 (37% of block groups) for xenoestrogens. The highest use density was for xenoestrogens, with a median application rate of 42 lb/mi 2 . For individual pesticides, the number of block groups in the study with annual pesticide use density ≥ 1 lb/mi 2 for a given pesticide ranged from 1,823 (9% of block groups) for diuron to 4,100 (19% of block groups) for methyl bromide. The highest use density was for methyl bromide, with a median annual application rate of 125 lb/mi 2 . Table 4 presents the rate ratios obtained from the Poisson regression models predicting breast cancer risk associated with residential proximity to agricultural pesticide use. In the models adjusting for only age and race, point estimates for all use densities above the referent (< 1 lb/mi 2 ) were < 1 for all groupings and individual pesticides considered, and in many cases, the 95% CIs included 1. Although the age-and race-adjusted rate ratios for simazine, oryzalin, propargite, and methyl bromide were all significantly < 1, additional adjustment for neighborhood SES and urbanization resulted in point estimates that did not significantly differ from 1. Likewise, in the fully adjusted models none of the rate ratios significantly differed from unity for any of the groupings or individual pesticides considered at any exposure level.
We repeated the Poisson regression analyses, stratifying separately by age group and neighborhood urbanization. We observed no substantial differences in risk estimates among the different age groups (data not shown) or by degree of neighborhood urbanization (data not shown).
Discussion
This study represents a broad assessment of the relationship between agricultural pesticide use patterns and breast cancer incidence in women in a large and diverse agricultural state. The results provide no evidence that women living in areas of recent, high agricultural pesticide use experience higher breast cancer incidence rates. This lack of association was evident for all three age groups examined and did not differ between women living in urban and rural areas.
Much of the epidemiologic research on this topic has focused on examining the relationship between breast cancer and body burden levels of organochlorine pesticides (as measured in serum or adipose). Generally, results from these types of studies have been null (Adami et al. 1995; Calle et al. 2002; Laden et al. 2001; Safe 1997; Snedeker 2001; Wolff and Weston 1997) , although a few well-designed studies have reported positive associations (Aronson et al. 2000; Hoyer et al. 1998 Hoyer et al. , 2000 Romieu et al. 2000) . One of the notable limitations of these studies, however, has been that they were able to evaluate only the relatively small number of compounds that are persistent and detectable by current analytic methods, with most focused on dichlorodiphenyltrichlorethane (DDT) or its metabolite dichlorodiphenyldichloroethylene (DDE) (Bagga et al. 2000; Charlier et al. 2003; Cocco et al. 2000; Dewailly et al. 1994; Falck et al. 1992; Hunter et al. 1997; Krieger et al. 1994; Laden et al. 2001; Lopez-Carrillo et al. 1997; Mendonca et al. 1999; Millikan et al. 2000; OlayaContreras et al. 1998; Romieu et al. 2000; Schecter et al. 1997; Unger et al. 1984; van't Veer et al. 1997; Wassermann et al. 1976; Wolff et al. 1993 Wolff et al. , 2000 Zheng et al. 1999) . Furthermore, many of these studies have measured these compounds in blood or adipose collected at the time of diagnosis, which may not reflect exposures occurring during more etiologically relevant time periods, such as prenatal or adolescent growth (Potischman and Troisi 1999) . Although the exposure estimates used in our analysis can account for a broader spectrum of potentially suspect agents, our lack of residential history information poses the same temporal limitation.
Occupational studies on this issue are quite mixed, with some suggesting a positive association between breast cancer and work-related pesticide exposures (Band et al. 2000; Duell et al. 2000; Gardner et al. 2002; Kogevinas et al. 1997 ) and others reporting no association (Dolapsakis et al. 2001; Fleming et al. 1999 Fleming et al. , 2003 MacLennan et al. 2003; Sperati et al. 1999; Wang et al. 2002; Weiderpass et al. 1999; Zhong and Rafnsson 1996) or even a protective effect (Kristensen et al. 1996; Settimi et al. 1999 ). These studies, however, have been limited by small numbers of women, a Based on the distribution of the California census block-group levels of a census-based socioeconomic summary metric incorporating education, income, and occupation (see "Covariate information" for further explanation), and excludes a small number of cases without SES attribute data (n = 49). b Urbanization based on census block-group characteristics (see "Covariate information" for further description). an inability to control for other breast cancer risk factors, reliance on sometimes crude proxy measures of exposure and potential "healthy worker" biases in cohort studies using external population comparisons. Similar to our study, a number of ecologic (aggregative) analyses have been conducted to examine the potential relationship between environmental exposures to agricultural pesticide use and breast cancer (Abdalla et al. 2003; Brody et al. 2004; Hopenhayn-Rich et al. 2002; Janssens et al. 2001; Kettles et al. 1997; O'Leary et al. 2004; Reynolds et al. 2004b; Safi 2002; Schreinemachers 2000; Schreinemachers et al. 1999; Wesseling et al. 1999) . Again, the results from these studies are mixed, with some suggesting a positive association (Brody et al. 2004; Janssens et al. 2001; Kettles et al. 1997; O'Leary et al. 2004; Wesseling et al. 1999 ) and others not (Abdalla et al. 2003; Hopenhayn-Rich et al. 2002; Reynolds et al. 2004b; Schreinemachers 2000; Schreinemachers et al. 1999) .
A number of limitations common to ecologic (aggregative) studies are worth noting. Because data are summarized for groups of individuals, inferences can be made only about populations rather than individuals (Greenland and Morgenstern 1989; Morgenstern 1995 Morgenstern , 1998 . The primary limitation of such study designs is that the heterogeneity of exposure and covariate levels within groups is not fully captured with ecologic data. This can lead to ecologic effect estimates that do no reflect the biologic effect at the individual level-commonly referred to as "ecologic bias" (Greenland and Morgenstern 1989; Morgenstern 1995 Morgenstern , 1998 . Although our study, by virtue of its design, cannot completely escape this limitation, the small unit of analysis used in our study helps reduce the within-group heterogeneity. Ecologic studies such as this one, however, have a number of advantages as well (Morgenstern 1995 (Morgenstern , 1998 Walter 1991) . By using monitoring data, ecologic studies can estimate potential ambient exposures that do not lend themselves to subject recall. Furthermore, our study population was large and geographically dispersed. This provided variability in potential exposures not often available from other epidemiologic study designs. The variability in exposure and large sample size combine to offer statistical power sufficient to detect small risks that, if large numbers of people are exposed, may be very important from a public health standpoint. Thus, although our study certainly has some limitations, it also offers some advantages over other traditional epidemiologic study designs.
Our study has a number of advantages over many of the ecologic studies conducted to date. Because ours was a study of incidence rather than mortality, we could more directly evaluate potential risk relationships without potential confounding by factors related to prognosis. We were able to evaluate classes of chemicals and individual chemicals of interest specific to breast cancer, whereas many of the previous studies relied on measures that are more global (e.g., total pounds of all pesticides applied) or used acreage of specific crop types as proxy measures for classes of pesticide exposures. Additionally, we were able to evaluate pesticide applications on a small scale (census block group); most other ecologic studies have estimated exposures over larger areas, such as counties-a method that is likely to result in greater exposure misclassification (Rull and Ritz 2003) .
The ability to control for area differences in SES and urbanization is especially important, given that regions of intense agricultural pesticide use are often rural and of low SES, whereas breast cancer rates tend to be higher in upper SES (Hall and Rockhill 2002; Heck and Pamuk 1997; Reynolds et al. 2005; Teppo 1984; Yost et al. 2001 ) and more urban areas (Doll 1991; Mahoney et al. 1990; Reynolds et al. 2005) . Because lifestyle factors related to breast cancer risk, such as physical activity, smoking, alcohol consumption, and childbearing patterns, are likely to differ between rural and urban areas in a way that would favor lower breast cancer rates in rural areas, where pesticide use is typically high (Reynolds et al. 2004a) , it is essential to account for urbanization in analyses of breast cancer and agricultural pesticide use. Because of our study's large size, we were able to evaluate pesticide use and breast cancer separately among rural and urban women.
The results from our study agree with an earlier analysis of agricultural pesticide use we performed among members of the California Teachers Study (CTS) cohort (Reynolds et al. 2004b) . The CTS, a cohort of nearly 134,000 female California professional school employees geographically dispersed throughout the state, was specifically designed to study breast cancer (Bernstein et al. 2002) . Thus, in the CTS analysis we were able to adjust for known breast cancer risk factors, something we were not able to do in this statewide study. Furthermore, in the CTS analysis, we estimated potential pesticide exposures at a very small scale (within a half-mile radius for each individual). Evaluating the same toxicologic categorizations and individual pesticides as in the statewide study, we saw no evidence of an association with recent pesticide use and breast cancer incidence within the CTS cohort (Reynolds et al. 2004b) .
Both the statewide study presented here and our earlier analysis in the CTS cohort, are limited in that they are designed to determine whether breast cancer rates are higher in areas with recent high agricultural pesticide use. The results from both studies suggest not. The lack of an association in these studies, however, reflects only on reasonably concurrent exposure/outcome relationships and does not account for sources of broader exposures to pesticides or time windows of potential vulnerability. Furthermore, evaluating the long-term health effects of exposure to a single pesticide is difficult at the population level because of relatively low exposure levels, uncertainty regarding those exposure levels, and the use of many pesticides simultaneously in some census block groups.
Unfortunately, preexisting historical data on agricultural pesticide use, in conjunction with data on residential histories for those with or at risk of breast cancer, are neither readily available nor easy to collect. In California, agricultural pesticide use has been fairly consistent statewide, with basically the same counties, crops, and pesticides ranking highest in use year after year since full reporting was implemented in 1990 (Wilhoit et al. 1998 ). Reporting was not required for all agricultural pesticide use in the 1980s, but the restricted pesticide use reporting data indicate a similar consistency of rankings throughout the decade (California Department of Pesticide Regulation 2000). GIS mapping of pesticide use patterns in the 1980s compared with the 1990s, however, showed there has been some change at the neighborhood level because former cropland and surrounding buffers have been turned into residential areas.
Although the U.S. Census Bureau provides data on residential stability for households but not for individuals, these data suggest a fairly mobile population in California. Census 2000 data indicate that only 31% of occupied California households in 2000 were occupied by the same householder for more than 10 years (U.S. Census Bureau 2002b). A previous analysis of participants in a breast cancer study among a cohort of California teachers, however, reported that residential stability may be greater among older women and women living in high SES neighborhoods .
The inability to incorporate information on residential mobility and historical use patterns in this study introduces an important source of potential exposure misclassification. Although this limits our ability to evaluate etiologic relationships, our study was designed in response to public concern about exposures to current agricultural pesticide applications (Solomon and Mott 1998) . Our results indicate that women living in areas of intense, recent agricultural pesticide use do not have higher breast cancer rates. Determining whether girls or young women living in these areas will be at greater risk of breast cancer in future years is a topic of continuing interest but beyond the scope of our study.
Recently, results were published from two case-control studies that tried to address the issue of historical agricultural pesticide exposures and breast cancer (Brody et al. 2004; O'Leary et al. 2004) . A small casecontrol study (n = 105 cases) nested within a cohort of long-term residentially stable women living on Long Island, New York, used several different data sources to estimate historical exposures to agricultural pesticides (O'Leary et al. 2004) . The authors reported an increased breast cancer risk associated with residence within a mile of a hazardous waste site containing pesticides [odds ratio (OR) = 2.9; 95% CI, 1.1-7.2] but no association with measures of residence on or near prior agricultural land (OR = 1.5; 95% CI, 0.8-2.9) or pesticides detected in drinking water (OR = 1.2; 95% CI, 0.6-2.1). These proxy exposure measures were not highly correlated, perhaps because they represent very different kinds of exposures and/or because of nonconcurrent time periods of measurement.
In a population-based case-control study of women living in Cape Cod, Massachusetts, exposure estimates were constructed dating back to 1948 from historical aerial photography and written pesticide spraying records (Brody et al. 2002 (Brody et al. , 2004 . Although the authors reported no overall association between pesticide use and breast cancer, modest (although not statistically significant) associations were reported for aerial applications of persistent pesticides on cranberry bogs and less persistent pesticides applied for tree pests or agriculture (Brody et al. 2004 ). The Cape Cod study probably represents the most comprehensive evaluation of historical agricultural pesticide applications and breast cancer risk conducted to date, and it illustrates the complexity of constructing these kinds of risk indicators. Through GIS, the Cape Cod study was able to estimate the relative intensity of pesticide exposures associated with residences over a ≥ 40-year time span. Unlike our study, however, the Cape Cod study had limited variability in pesticide use and was not able to evaluate specific individual (or classes of) chemicals of interest.
The question of whether exposures to agricultural pesticide applications are a cause of breast cancer is obviously complex and likely to be answered only through a variety of complementary approaches. The recent advent of GIS-based technologies has enhanced our ability to characterize ambient exposures that are not easily reportable, or identifiable, on an individual basis. Studies that use GIS to integrate information across various domains, such as those being conducted on Long Island and Cape Cod, will be greatly improved by the availability of more comprehensive geographically referenced historical exposure data as they become available in the future.
